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Abstract

Artificial intelligence (AI) is one of the most important
technologies of the future (Crew, 2020). So far, however, Al has
been insufficiently deployed. This applies not only to family
businesses, but especially to them. In terms of decision-making,
these companies have a number of specific characteristics which
mean that they find AI less relevant and may also be skeptical.
The article discusses specifics of Al use in family businesses on
the basis of a German empirical study. The paper shows that
family businesses use Al less frequently and are also less open to
the technology than non-family businesses. Socioemotional wealth
(SEW) (Gomez-Mejia et al.,, 2007) serves as the theoretical basis.
Based on the SEW, it is argued that although family businesses are
aware of the need to apply new theories, they have so far
underestimated the potentials and tend to be rather skeptical
about applying these technologies. This view is supported by the
empirical study. In addition, some differences between small and
medium-sized enterprises (SMEs) and large companies are also
discussed in the paper.
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1. INTRODUCTION

existing market structures (Hahn et al., 2020).
Moreover, implementing Al applications is expected

Today, artificial intelligence is one of the most
researched topics' (Crew, 2020) and a driving
technology of the “Fourth Industrial Revolution”
(Philbeck & Davis, 2018). Artificial intelligence (Al) is
believed to have the potential to significantly impact
all industries and how business will be conducted in
the future (Brynjolfsson & McAfee, 2017; Floridi
etal., 2018). New, Al-based business models are
spreading rapidly, disrupting and transforming

! Google Scholar, top-publications 2020: https://scholar.google.com/citations
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to give the respective enterprise an advantage over
its competitors (Buer etal., 2021; Lee et al, 2019).
However, besides literature glorifying the opportunities
implied with AI, questions are raised about
accountability (Gualdi & Cordella, 2021), ethical
(Kwon et al., 2020), social and financial challenges
(Dwivedi et al.,, 2021; Kaplan & Haenlein, 2020;
Nishant et al., 2020). Since small and medium-sized
enterprises (SMEs) already lag on digitalization when
compared to large enterprises, concerns are voiced
that less well-funded businesses might not stand
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achance in the race towards adopting Al
applications and could fall even further behind with
competitors benefitting from AI (Organisation for
Economic Co-operation and Development [OECD],
2017). For family businesses, in particular, raising
capital poses a challenge (European Commission,
2016; Michiels & Molly, 2017), and thus keeping up
with non-family firms might be especially demanding.

The contribution of this paper is to present
the first comprehensive international study on Al
adoption in SME family firms, using socioemotional
wealth (SEW) as the explanatory theory. In these
companies, structural characteristics such as
areduced size interact with the effects of family
involvement such as a specific and often informal
style of decision-making. On these grounds, a survey
examining some of the negative effects AI has on
family firms was conducted.

The rest of the paper is as follows: initially,
Section 2 reviews the literature regarding family
businesses, digital technologies and the usage of Al
in family businesses. Afterwards, Section 3 explains
the methodology of the research. Later on,
the analysis has been done in Section 4 followed by
the discussions in Section 5. Finally, the conclusions
are presented in Section 6.

2. LITERATURE
DEVELOPMENT

REVIEW AND HYPOTHESIS

2.1. Theoretical background

Family businesses often differ from non-family
businesses as their decisions and values are not
solely influenced and driven by economic goals
(Behringer et al.,, 2019), but also by non-economic
goals, which in the literature are referred to as
“socioemotional wealth”. This term and the theory
around it were introduced by Gomez-Mejia et al. (2007).
With the help of the SEW theory, they wanted to
explain why the aforementioned differences between
family firms and non-family firms exist in various
decision-making processes (Behringer et al.,, 2019).
The SEW theory was developed based on
the behavioral agency model (BAM) by (Wiseman &
Gomez-Mejia, 1998) and wants to offer a framework
to show that complexities inside a family firm can
arise due to the proximity of family and business
(Sluhan et al., 2018).

This connection between family and business is
consolidated by the family’s identification with
the business, the big influence that the family has on
everything happening with the firm, and
the predominant intention of preserving the business
for future (family) generations as management duties
are passed on within the family. Because of this
close-knit relationship, the families are more risk-
averse, in comparison to external management as
there is more at stake (Gbmez-Mejia et al., 2007).

Berrone et al. (2012) introduced five dimensions
to allow a Dbetter understanding of these
non-economical influences that are an elemental
part of the SEW theory. These five dimensions are
“family control and influence”, “family members’
identification with the firm, binding social ties”,
“emotional attachment” and “renewal of family
bonds to the firm through dynastic succession”
(Berrone et al., 2012). Members of the family can be
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influenced by these dimensions to preserve
the values or the image of the firm. They will try to
avoid any kind of bad publicity or situations that
could endanger the family business and therefore
have negative repercussions for the family name
(O’Boyle et al., 2010), even if the outcome of
the decision might lead to weaker performance of
the firm (Schepers et al., 2014).

However, when the firm’s performance falls to
the point where its continued existence is threatened
and therefore the family’s legacy is endangered,
family businesses will push the envelope and will no
longer shy away from taking risky (but possibly
profitable) actions (Gémez-Mejia et al, 2007).
Moreover, with decisions mostly only having to be
agreed upon with other family members, the trusting
relationship helps to reduce protracted
decision-making times and lowers transactions cost
(Bromiley & Cummings, 1996).

Although this close connection between family
and business explained by the SEW theory is also
described as being “a prosocial and positive
stimulus” (Kellermanns et al., 2012), there are further
downsides. According to (Kellermanns et al., 2012),
the emotional link can have negative impacts on
shareholders or stakeholders that are not part of
the family. Without the family connection, they are
likely to have no influence on the biased, possibly
bad decisions by the family members; however,
the results can still have implications for them.
Opposing opinions, although they might be given in
the best interest of the business, might be construed
as criticism or a direct attack on the family values
and incite a “we against them”-mentality. Following
this mindset, there is a chance that (external) control
mechanisms are eliminated, if this is beneficial for
the family (Kellermanns et al., 2012).

One of the most important points to be
mentioned is that Al is not limited to a specific task
as it can find use in all industries. This makes it
a “general-purpose-technology” comparable to
technological innovations from the past like
the steam engine or electricity (Cockburn et al., 2018).
Al allows businesses to automate tasks as systems
are becoming “smart” and have, at least up to
a certain degree, the capability to teach themselves
(Brynjolfsson & McAfee, 2017). When considered by
use in different industries, the following statements
about Al can be made:

e In the finance sector, Al can excel thanks to
the amount of data that can be processed and
analyzed to support the decision-making process.
(Bahrammirzaee, 2010) proposes that Al can be used
in “Credit Evaluation” to help in the scoring process
of a customer, support “Portfolio management” by
finding the perfect individualized fit, and in
“Financial prediction and planning” where it can be
used for forecasting purposes (Bahrammirzaee,
2010). Furthermore, players in the financial sector
have started to implement ‘robot advisors as “digital
asset manager[s]” (Kruse et al., 2019) to improve
customer satisfaction.

e In manufacturing, visually inspecting
an underlying material remains a key aspect to
ensure the quality of the final product. Al, or
machine learning to be more specific, has proven to
be a reliable and cost-effective approach to automate
this process (Koppe & Schatz, 2021).
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o In the tourism sector, Al plays an important role
not only in companies but also in governments as at
the airport there are systems in place that enable
a faster entry process at the border using facial
recognition technology (Samala et al., 2020). Another
advantage of Al is that it is always available and can
provide information to a customer, therefore,
improving customer service and experience. Hotels
are advancing quite similarly to houses and are
evolving into “Smart Hotels” where the “Internet of
Things” and robots start to take over and there are
already hotels where no humans are needed (Law
et al., 2019).

e The retail sector also garners benefits from Al
technology as it can help optimize goods
management. Al can react to events and trends
faster and can, for example, adjust prices if there is
a sudden shift in demand. Additionally, it can be
used for sales forecasting or purchasing as well as
logistics (Weber & Schiitte, 2019).

Although AI has the chance to bring positive
effects there also have to be questions raised about
the possible negative effects that can result from the
increase of AI technology. Especially social and
ethical questions are being discussed as Al and
robots can replace humans, at least to a certain
extent, causing them to lose their jobs. Furthermore,
it can be discussed how much influence should be
given to an Al in a certain decision process as it may
have a different result simply on basis of data
(Dwivedi et al.,, 2021; Kaplan & Haenlein, 2020).
The overwhelming majority of studies surrounding
Al are focused on the tasks, which Al is performing,
or where Al has the potential to improve current

processes.  Peer-reviewed research on  the
implementation rate and  effectiveness  of
implemented systems in companies is scarce.

However, consulting studies such as those by
McKinsey or Deloitte can be referenced.

McKinsey published “The state of Al in 2020”
report summarizing the results of an online survey
among 2,395 companies, varying in location, size,
and industry (McKinsey & Company, 2020). In terms
of the distribution of Al around half indicated that
an Al tool is in use. The most common areas of
application are product enhancements (24%) and
service optimizations (24%). It was further found
that enterprises are utilizing Al today more often to
increase their revenue than to cut costs (McKinsey &
Company, 2020).

In a study conducted amongst 2,737 managers
from Australia, Canada, China, France, Germany,
Japan, the Netherlands, the UK, and the USA,
Deloitte (2020) assessed the “State of AI in the
enterprise”. When asked about the relevance of Al,
73% indicated that AI was critical for business
performance today with numbers rising to 83%
within the next two years. Enterprises that had
already implemented Al solutions, did so mainly in
information technology (IT) (47%), cyber security
(22%), production (16%), and product development
(15%) (Deloitte, 2020).

A research deficit is also noticeable in the area
of SMEs and family firms. Since SMEs account for
the largest share of firms and employ the majority
of the workforce (Organisation for Economic
Co-operation and Development [OECD], 2019), they
are often described as the ‘backbone of an economy’
(Abbasi et al. 2018). Despite their undisputed
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relevance, SMEs still lack a universal definition
(Becker et al., 2019). When trying to section SMEs off
of larger enterprises, three approaches are present
in the current literature: delimitation by quantitative
traits, delimitation by qualitative traits, and
a combination of those (Loecher, 2000).

One of the more common standards applied to
classify enterprises by quantitative measures was
published by the European Commission in 2003.
According to their definition, SMEs have up to
250 employees, a maximum of €50 million in sales,
and a balance sheet total of not more than
€43 million (Commission of the European Community,
2003). The Institut fiur Mittelstandsforschung (IfM)
Bonn, whilst employing the same metrics, has set its
threshold for employees and sales at €500 and
€50 million, respectively (IfM Bonn, 2016).

Since family firms often match the quantitative
criteria of small and medium-sized enterprises, they
are commonly deemed a sub-group of SMEs.
However, family firms have separate characteristics
and are not to be equated with an SME (Becker
etal, 2019). In theory, they are understood as
an enterprise on which one family is exhibiting
a controlling influence. Practically, this may be
manifested by holding more than 50% of the voting
rights and having one or more family members in
top management or supervisory board positions
(Koeberle-Schmid, 2008).

When focusing on Al in small and
medium-sized companies, Hansen and Beogh (2021)
and Zigiené et al. (2019) provides a theoretical
overview. From a practical point of view, especially the
“European SME survey 2019” (El Kasmi et al., 2019)
gives further insights into AI's distribution and
usage. It was conducted via online access panels
surveying around 500 SMEs across Germany, France,
the UK, Spain, and Poland. The results indicate that
only 20% of the considered European SMEs stated
that Al is in use. According to the answers given to
a question about future developments, however,
29 percent indicated to be planning to implement Al
within the next two years (El Kasmi et al., 2019).

One important study about Al in family firms
was published by the Institute of Family Business
and Mittelstand at WHU, Vallendar, Germany.
The basis of this report was a quantitative survey
covering 1,727 German companies. Only 4.9% of the
surveyed family businesses have indicated using Al
in their day-to-day business. Reasons for this can be
found in the identified family business-specific
barriers, namely: a missing interface between new
technology like AI and existing IT structures,
paternalism, static structures, corporate -culture,
communication problems, the resistance of
employees, and shortage of skilled labor (Soluk
et al., 2020).

2.2. Hypothesis development

The evaluation of variables influencing
the perception of AI is approached on basis of
a theoretically grounded research framework.
According to the contingency theory, the influencing
variables in question are company size and family
influence. In Figure 1 the research model for
the subsequent survey is shown.
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It is presumed that the company size and
family influence have negative implications for
the commitment and capacity to adopt Al The idea,
based on the SEW, that family businesses do not use
technologies that are positive for the business
because they jeopardize their position in
the business network is likely to be even stronger
for Al than for other technologies such as enterprise
resource planning (ERP) systems. After all, ERP
systems are mainly about making things more
transparent and supporting decisions. From
the perspective of the family owners, this can be
seen as a restriction of their sphere of influence.
Al-based technologies may drive this even further
from the owners' subjective point of view, in that in
the final stage they can make the decision all by
themselves and thus make the owners obsolete as
decision-makers.

Figure 1. Research framework

Company size

Adoption of Al
technologies

Y

Family
influence

To further examine this suggestion, hypotheses
are formulated. According to the literature, crucial
factors to the successful usage of Al are “management,
implementation, and business imagination”
(Brynjolfsson & McAfee, 2017). Internal resistance
within the implementation step can originate from
your staff. Reasons for this may be unengaged or
unskilled employees (Brock & Wangenheim, 2019)
that are reluctant to change, as it disturbs
the balance (Strebel, 1996). Since workforce loyalty
is valued comparably higher in family firms
(Deloitte, 2019) and their employment strategy is
long-term focused (Le Breton-Miller & Miller, 2006), it
can be assumed they have more long-time staff with
more traditional values and more established
routines. Therefore, internal resistance against new
technologies might be especially present for family
businesses.

HI: Artificial Intelligence is less relevant for
family firms than non-family firms.

Further reasons might be found in the size and
resources of family firms. The majority of family
firms can be classified as small or medium-sized
companies (Andersson et al., 2018) and thus have
fewer resources available to realize costly and
time-consuming projects of adopting AL

Successful implementation of AI also often
hinges on the surrounding IT infrastructure
(Davenport & Ronanki, 2018), which poses another
challenge for family businesses as they tend to use
more non-standardized technologies since family
firms are, generally speaking, more hesitant in
the external technology acquisition (Kotlar et al., 2013).
Smaller enterprises have also been observed to lack
IT expertise (Hansen & Bagh, 2021).

H2:In family firms, AI technologies are less
common than in non-family firms.
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One approach to explaining why AI might be
less common in family businesses could be related
to the differences in strategies between family firms
and non-family firms. Firstly, family firms,
consistent with the SEW theory, have shown
a tendency to have a less formalized strategy (Basly
& Bendaoud, 2020). Secondly, the majority of family
firms operate in more traditional markets (Ernst &
Young [EY], 2019) and therefore inherit a traditional
business model (Kraus et al., 2012; Ward, 2004) for
which AI might not be as applicable as for data- or
platform-based business models.

H3: A family firm’s strategy is less connected to
Al than a non-family firms.

Since in family businesses, the family exerts
a controlling influence on the management
(Koeberle-Schmid, 2008), the decision-making power
for strategic acquisitions (such as Al) is also in the
hands of the family. As there is less willingness to
invest money in external specialists (Kotlar et al.,
2013), ownership might act as a bottleneck on
the way to successful Al adoption. Family businesses
traditionally have a recognizable tendency to pay
more attention to some areas of the business than
others. For example, the focus tends to be less on
investments in technology and research and
development (Eurofound, 2011). Despite knowing
about the challenges when facing the ongoing
digitalization (PricewaterhouseCoopers [PwC], 2016),
the budget and willingness to invest in Al
technology remain lower than in non-family firms.

H4: Family firms spend significantly less money
on Al than non-family firms.

3. RESEARCH METHODOLOGY
3.1. Sample description

Data collection was conducted using a standardized
online questionnaire containing open and closed
questions. To check the questionnaire, a pre-test was
first conducted with several subjects. Subsequently,
the actual survey was conducted in the period from
22.10.2020 to 11.11.2020. For this purpose, e-mail
addresses of German companies were randomly
generated in advance using the Nexis database.

A total of 12,360 companies were contacted by
e-mail, whereby 1,112 e-mails could not be delivered.
Thus, 11,248 companies received the link to
the online survey. The online questionnaire was
accessed 283 times during the survey period,
corresponding to a participation rate of 2.52%.
A majority of respondents were business managers
from the IT department of the respective companies.
A non-response bias test was conducted to
guarantee representativeness despite the small
sample.

The data was analyzed using Microsoft Excel
and Statistical Package for the Social Sciences (SPSS).
The questionnaire contained 33 questions, which
were divided into five sections. First, information
about the company and the processor was
requested, followed by a query about the general
conditions and the relevance of Al in the company.
The next section dealt with which technologies are
used and which functional areas are particularly
suitable, followed by an assessment of the importance
of Al for the strategy and the impact on success.
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3.2. Independent variables

The independent variable in the study is family
influence. There are several operationalizations for
this variable in the literature (Hiebl, 2015). Since
the companies in the survey are primarily small and
medium-sized enterprises and family businesses,
which tend to answer less when questions are too
complex, a single-item approach was chosen for
the present study. To measure family influence,
a 0/1 coded question "Is your company a family
business”" was used, which yields the variable
FAMILY. 54 companies did not answer this question.
Of the remaining 229 companies in the study, 95 are
family enterprises and 134 are non-family enterprises.

3.3. Dependent variables

A different dependent variable was defined for each
of the four hypotheses.

For HI the dependent variable is the subjective
relevance of artificial intelligence for the company
(RELEVANCE). The variable was measured using
a five-point Likert scale from 1 = not very relevant to
5 = very relevant.

In the study, different AI technologies such as
robotic process automation (RPA), deep learning, and
machine learning were used in the questionnaire.
Companies were asked whether they had
implemented those technologies. For each
technology, a utilization degree was asked using
the values from 1 =1low grade of utilization to
5 = high grade of utilization. For H2, we use the sum
of the intensity of usage of implemented
technologies (TECHNOLOGY) as a variable. Nine
technologies were asked, so the variable can take
the value from 9 (value 1 for all nine technologies)
to 45 (value 5 for all nine technologies).

For H3, a question was asked: “How intensively
is Al integrated into your corporate strategy?”.
The variable INTEGRATION can take the values from
1 = weak integration to 5 = very strong integration.

Budget spending on AI was operationalized by
using the question “How much budget in
the percentage of annual sales do you spend on AI?”
with values 1 =less than 1 percent, 2 = between 1
and 4 percent, 3 =more than 4, and less than
10 percent, and 4 = more than 10 percent. Thus,

the variable BUDGET is used as a linear variable for
statistical analyses.

Unfortunately, the target group of family
businesses tends to quickly abandon empirical
surveys in the case of many multi-item scales or
ordinal variables. Measuring several variables using
binary constructs is, therefore, a painful but
necessary compromise in questionnaire design and
evaluation.

3.4. Control variables

As a control variable, the company size was chosen
as a complexity-generating factor (Speckbacher &
Wentges, 2012). The size of the enterprise
variable SIZE — was operationalized by the number
of employees. 54 companies did not answer this
question. The number of employees was surveyed in
four classes:

o SIZE_249: enterprises
employees (n = 113);

e SIZE_250_499: enterprises with between 250
and 499 employees (n = 33);

e SIZE_500_2499: companies with between 500
and 2,499 employees (n = 38);

e SIZE_2500: enterprises with 2,500 or more
employees (n = 40).

with up to 249

4. EMPIRICAL RESULTS
4.1, Correlations

Various regression models were used to test
the hypotheses depending on the scale level of
the dependent variables. This subsection shows the
correlations of the variables considered in the study.

Table 1 shows the correlations in the sample. It
is already evident from this simple evaluation that
family-owned businesses are likely to feel a low
relevance for Al, use less technology, and integrate
Al less strongly into their strategy. Smaller
companies with fewer than 250 employees also
show less relevance to Al, fewer technologies
deployed, less integration, and less budget. Overall,
it is interesting to note that family businesses in
the sample are investing more than non-family
businesses.

Table 1. Correlations

Variables SIZE_249 | SIZE_250_499 | SIZE_500_2499 | SIZE_2500 | RELEVANCE | TECHNOLOGY | INTEGRATION | BUDGET
FAMILY 0.073 -0.093 0.029 0.009 -0.139 -0.062 -0.195* 0.056
SIZE_249 1 -0.405** -0.440** -0.454** -0.183* -0.279** -0.178 -0.149
SIZE_250_499 1 -0.183** -0.189** -0.006 0.012 0.049 0.097
SIZE_500_2499 1 -0.205** 0.027 0.090 0.101 -0.024
SIZE_2500 1 0.266** 0.319** 0.101 0.119
RELEVANCE 1 0.707** 0.661** 0.244*
TECHNOLOGY 1 0.548** 0.229*
INTEGRATION 1 0.160
BUDGET 1

Note: * significance at the 5% level and 1% level (Wald test).
4.2. Test of Hypothesis 1 (H1)

HI was tested with linear regression due to
the ordinal scale level. The results are shown in
Table 2.

The evaluation shows that family businesses
are significantly less likely to perceive a high
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relevance of Al This may be because they have not
yet recognized the relevance of the technology or its
potential, or because they underestimate it. This is
underpinned by the SEW. The model quality is
acceptable with a corrected R? of 10.3 percent. HI
is accepted.
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Table 2. Test of HI

4.5. Test of Hypothesis 4 (H4)

: Model 1 H4 was tested with linear regression due to the ordinal
Dependent variable: RELEVANCE scale level. The results are shown in Table 5.
Independent variable | B-coef. | p-value | Tolerance VIF
FAMILY -0.158 | 0.048 0.966 1.036
SIZE_249 0.631 | 0.027 | _0.076 | 13.075 Table 5. Test of H4
SIZE_250_499 0.480 0.018 0.150 6.683
SIZE_500_2499 0.574 0.009 0.130 7.721 Model 4
SIZE_2500 0.807 0.001 0.106 9.440 Dependent variable: BUDGET
Model fit Independent variable B-coef. | p-value | Tolerance VIF
R? 0.133 FAMILY 0.070 0.487 0.974 1.026
Adj. R? 0.103 SIZE_250_499 0.143 0.176 0.888 1.126
F (model, global) 4.393 SIZE_500_2499 0.040 0.715 0.840 1.190
SIZE_2500 0.168 0.125 0.838 1.193
: Model fit
4.3. Test of Hypothesis 2 (H2) R 0037
Adj. R? -0.003
HZ was tested with linear regression due to the ordinal F (model, global) 0.936

scale level. The results are shown in Table 3.

Table 3. Test of H2

Model 2
Dependent variable: TECHNOLOGY
Independent variable | p-coef. | p-value | Tolerance VIF
FAMILY -0.073 | 0.243 0.974 1.027
SIZE_249 0.325 | 0.133 0.082 12.170
SIZE_250_499 0.330 | 0.038 0.153 6.553
SIZE_500_2499 0.422 | 0.012 0.137 7.290
SIZE_2500 0.616 | 0.000 0.133 7.538
Model fit
R? 0.152
Adj. R? 0.133
F (model, global) 7.980

Despite the acceptable model quality,

the analysis shows no significant influence of family
on technology adoption. This result can be seen as
the antithesis of HI, so to speak. Even though family
businesses consider Al less relevant than non-family
businesses, they have not implemented the technology
less in the business. Conversely, one could also say
that non-family businesses do say that technology is
more relevant to them. But they do not show higher
levels of use. H2 is rejected.

4.4. Test of Hypothesis 3 (H3)

H3 was tested with linear regression due to the ordinal
scale level. The results are shown in Table 4.

Table 4. Test of H3

Model 3
Dependent variable: INTEGRATION
Independent variable | p-coef. | p-value | Tolerance VIF
FAMILY -0.211 | 0.027 0.971 1.030
SIZE_249 0.593 | 0.231 0.036 27.978
SIZE_250_499 0.491 | 0.148 0.076 13.147
SIZE_500_2499 0.652 | 0.101 0.055 18.021
SIZE_2500 0.665 | 0.124 0.047 21.278
Model fit
R? 0.093
Adj. R? 0.050
F (model, global) 2.150

However, with insufficient model goodness of fit
of 5 percent adjusted R?, a significant negative impact
of the family on the integration of Al into business
strategy emerges. Here, we examined whether and to
what extent Al is integrated into corporate strategy.
On the strategic level, this seems to play less of a role
so far than for non-family businesses. H3 is thus
accepted.
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The variable SIZE_249 is not part of the final
model. The model also does not provide a satisfactory
explanation of the relationship between family and
budget. Analogous to HZ2, non-family businesses are
not spending more money on implementing Al
technologies and strategies based on them, as
expected. H4 is therefore rejected.

5. DISCUSSION

This study has dealt with what we consider to be
the still very new subject area of artificial intelligence
in small and medium-sized enterprises as well as
large companies, with a special focus on the size of
family influence. At the outset, it was postulated that
there are no specific studies to date on the perception
and implementation of Al technologies in SMEs and
family businesses. Theoretical models such as
the technology acceptance model (TAM) by Davis
(1989) can be used to explain the implementation of
new technologies in business practice. However, such
models have not yet been applied to our study object,
at least empirically.

The study started with the premise based on
SEW that the family in a family business is skeptical
about Al, as Al may even be seen as a threat to
the family’s position in the business network. From
an empirical perspective, the derived hypotheses can
be partially maintained. From the sample’s
perspective, family businesses perceive Al as less
relevant than non-family businesses. They also tend
to use Al technologies less frequently and intensively,
although this effect was not statistically significant.

From our point of view, the topic area of Al and
strategy was also particularly interesting. As
the results of the analysis show, family businesses are
significantly less likely to incorporate Al into their
strategic efforts. This could be a long-term
sustainable competitive disadvantage. This seems all
the more interesting because, according to
the analysis, family businesses do not spend less on
Al than non-family businesses, as expected, but tend
to spend slightly more. A qualitative follow-up study
would be necessary here to determine the extent to
which family businesses invest in technologies that
do not necessarily make sense for them in the specific
situation. At this point, context variables such as
the Al expertise of the employees, which were queried
in our survey but not yet used for this paper, could
also play a role. There is a presumption that
employees in family businesses who are not so well

@
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trained in AI do not exploit the potential of these
technologies 100 percent in the selection,
implementation, and use of Al technologies in family
businesses, and thus there is still room for
improvement.

6. CONCLUSION

Ultimately, the study presented in this paper has
some limitations: It is a quantitative-empirical study
at a point in time with purely German companies.
The results are thus only transferable to SMEs and
family businesses in other countries to a limited
extent. In addition, it is a single-informant study, as

interviewed. In addition, a mixture of single-item and
multi-item scales was used.

However, the analysis already shows that
the topic of AI has high strategic relevance in SMEs
and family businesses. This is all the truer as it is
an uncertain but necessary investment in future
technologies for the companies. Here, companies can
afford a few missteps from a strategic perspective. In
this respect, it is the task of research to derive
explanatory and justification approaches for better
perception and implementation of Al in corporate
practice in in-depth studies to better exploit
the potential benefits of these exciting technological
developments.

only one decision-maker per company was
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